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I. Introduction
In this work, we propose a novel methodol-
ogy capable of transforming raw egocentric
videos into watchable fast-forward videos
by considering both the pleasantness and
relevance of frames to the viewer. Our ap-
proach analyses the semantic information
extracted from the frames and segments
the video by selecting the set of images
which maximizes the semantic term, the
required speed-up as well as the desired
smoothness in the transition between the
frames.

II. Methodology
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Figure 1: Overview of our fast-forward methodology.

III. Formulation

D (Fns,Fs) =
(∣∣∣∣Ls + Lns

Fd
− Ls
Fs
− Lns
Fns

∣∣∣∣)
argmin
Fs,Fns

(D (Fns,Fs) + λ1 · |Fns −Fs|+ λ2 · |Fs|)

IV. Graph Modeling

Wi,j = (α · Bi,j + β · Vi,j + γ · Ai,j + η · Si,j) ·
⌈
(j − i)
F

⌉
Si,j =

1

Si + Sj + ε
, Sx =

∑
k∈fx

C(k)·Gσ(k)·A(k)

V. Results

Figure 2: Semantic information in the final video, the values are related to NaïveFaces result, once it selects as
much information as possible (left); Jitter analysis using the mean FOE deviation over the sequences (right).

Method Mean (%) S.D. (%)

ES 89.71 14.36
MH 98.77 00.47
Ours 96.49 02.71

Table 1: Speed-up metric analysis of
the experiments. The values show
how close the algorithms are from the
ideal.
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VI. Conclusion
We presented a novel method for producing fast-forward videos
from egocentric videos focusing on its semantic content. We com-
pared our adaptive selection strategy against prime works in the
literature. Results showed our superiority as far as the semantic
information is concerned.


